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e NVIST only requires relative pose and
doesn't require a canonicalized dataset

1. NVIST turns in-the-wild single images into implicit 3D functions with a single pass using Transformers
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e Our novel decoder maps MAE features to
3D tokens via cross-attention and AdaLN
conditioned on camera parameters.

Ours is category-agnoistic , and
generalizes well over test scenes and even
phone captures.

NVIST assumes 6DoF camera and does not
require the masked images, unlike

MVImgNet (Test scenes) Phone Captures (Out of Distribution) previous 3D-aware diffusion models.

3. Methodology 4. Depth Maps 5. Comparison / Ablation
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